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®Two-photon imaging exhibits low temporal resolution as well
as noisy optical signals.

®\We developed two novel hyperacuity algorithms to improve
spike estimation of two-photon recording by supervised
approach minimizing the estimation error based on the ground-
truth given as the electrical spikes.

®The performance benchmark to compare the foregoing
algorithms with ours confirmed superiority of supervised over
unsupervised algorithms.
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®Chaotic resonance hypothesis stated that intermediate
couplings among inferior olive neurons induce chaos and
enhance information transmission despite low firing frequency
of those neurons.

®\\e aim to validate the chaotic resonance hypothesis using in-
vivo data recorded by an array of multi-electrodes.

®\We constructed a network model of inferior olive neurons to
estimate the coupling strength (1) and adopted a complexity
method to measure the chaotic index (2) from the spike data.
®We found that intermediate couplings maximize
complexity measure, which strongly supports the hypothesis.
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Asymmetry in Visuotopic Posterior parietal cortex emerges with visual
short-term memory Load. J Neurosci 30(38), 12581-12588 (2010).
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